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ABSTRACT

This paper uses the CSI 300 index as a sample to empirically examine the impact of
sentiment differences between retail and institutional investors on stock excess returns,
measured by the buy-sell imbalance indicator (BSI). The benchmark regression results
reveal that sentiment differences between investors have a statistically significant neg-
ative effect on stock excess returns. These findings remain robust after conducting a
series of tests, including using alternative samples, excluding outlier years, and incor-
porating firm-level control variables. Mechanism analysis indicates that institutional in-
vestor sentiment plays a dominant role in driving excess stock returns, and the negative
impact of sentiment differences is more pronounced in environments with higher infor-
mation transparency. Furthermore, heterogeneity analysis demonstrates that the neg-
ative effect of sentiment differences is more significant in small firms, state-owned en-
terprises, and firms with high analyst coverage. These findings offer both theoretical
and practical insights, providing empirical evidence on how sentiment differences influ-
ence stock excess returns and offering valuable recommendations for investors and
policymakers.
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INTRODUCTION

The functioning of the capital market is always influenced by the factor of investor
sentiment. Behavioural finance mentions that in addition to rational factors such as
fundamental economic conditions, irrational factors such as investor sentiment and cog-
nitive biases can also have an impact on stock prices and stock yields. In the Chinese
market, retail investors make up the majority of investors, and these investors lack both
knowledge and professional training, which leads them to be affected by emotional
fluctuations, noise, and other irrational investor decisions. This type of behaviour can
cause market prices to deviate from value, resulting in “market anomalies”.

With the continuous improvement and development of China's capital market, the pro-
portion of institutional investors is increasing, but the influence of retail investors in the
market still cannot be ignored. Therefore, studying the difference in sentiment between
retail investors and institutional investors and how this difference specifically affects the
excess returns of stocks has been an ongoing concern in both academia and the indus-
try. Research in this area is not only innovative in theory, but also important in practice
and understanding of the Chinese stock market.

In view of this, this paper selects the CSI 300 index as a sample for the period 2015-
2023 and employs the buy-sell imbalance indicator to measure the sentiment divergence
between retail investors and institutional investors and the impact of this divergence on
the future excess returns of stocks. The study shows that when there is a significant
sentiment divergence between these two types of investors, it reduces the future excess
returns of stocks. This phenomenon is mainly due to information asymmetry and gaps
in expertise capabilities. Institutional investors have better access to market information
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and they tend to be professionally trained with better expertise capabilities and therefore invest more rationally. In con-
trast, retail investors are more influenced by the market and make irrational investment behaviours due to the lack of
information and expertise. In addition, this paper constructs an interaction term between the information transparency
indicator and the sentiment difference indicator and obtains the conclusion that the negative impact of the sentiment
difference between institutional investors and retail investors on stock differential returns is more significant in an envi-
ronment with higher information transparency.

The contributions of this study are reflected in the following points: (1) it enriches the existing research perspectives on
differential stock returns. This paper examines the impact on stock excess returns from the perspective of sentiment
differences between institutional investors and retail investors, and the results expand the knowledge of stock returns in
academia and the industry; (2) creatively using information transparency as a research mechanism, enriching the market's
understanding of the mechanisms affecting stock returns while empirically demonstrating that investor sentiment differ-
ences any impact on stock excess returns; and (3) this paper starts from the Chinese market. The findings are of great
significance in protecting investors' interests and promoting the healthy development of China's capital market.

LITERATURE REVIEW

With the development of behavioural finance research, numerous theoretical and empirical studies have revealed that
capital markets are not fully efficient, and their participants are not entirely rational. As a core branch of behavioural
finance research, investor sentiment highlights the critical aspect of investor irrationality. Traditional finance adheres to
the notion that fundamental values determine stock prices, while behavioural finance emphasizes the profound impact of
investor psychology and behavioural characteristics on stock prices. Broadly speaking, investor sentiment is viewed as a
subjective belief about future cash flows and investment risks that are not based on facts (Baker & Wurgler, 2006).
Furthermore, investor sentiment not only influences overall market returns (Brown & Cliff, 2004; De Long et al., 1990) but
also affects individual stock returns and even has a significant impact on liquidity (Debata et al., 2018), adjusting the
information efficiency of capital markets and thus influencing the information content in stock prices (Baker M et al., 2006).
In terms of stock market risk, existing research generally acknowledges that investor sentiment has an essential impact
on market volatility (Zhang et al., 2021), firm-specific risk (Daniel et al., 1998; Li, 2023), and stock price bubbles (Shiller
et al., 2000; Pan, 2020).

Faced with the same stock, individual investors and institutional investors may exhibit vastly different emotional reactions,
with this difference stemming from belief biases among investors (Ding et al., 2019). Individual investors often exhibit
irrational characteristics such as overconfidence and anchoring bias, leading to market prices deviating from their intrinsic
values (Hong et al., 1999; Bohl and Brzeszczynski,2006). Studies have confirmed (Zhang et al., 2017) that dramatic
fluctuations in Chinese investors' sentiment can cause significant changes in stock returns. Moreover, the higher the degree
of information asymmetry, the greater the volatility of investor sentiment, which can further drive-up stock prices and
create bubbles (Wang et al., 2018; Agarwal et al., 2024).

Due to their limited ability to access information, retail investors often participate in the market as uninformed traders,
making investment decisions based on non-informational factors and transmitting their emotions to the market (Baker and
Wurgler, 2006). Subsequent investors make decisions based on the previous trading situation, accumulating emotions and
influencing stock prices. Influenced by self-cognitive biases, individual investors are more optimistic about positive news
and overestimate the value of small-cap companies while underestimating risks due to "small probability obsession" (BAR-
BERIS N, HUANG M, 2008). The limited information channels and cognitive biases make individual investors' emotions
more volatile. Individual investors are more prone to exhibiting irrational characteristics such as the herd effect than
institutional investors and react differently to the same information (Jin & Myers, 2006). When individual investors un-
thinkingly follow public information due to cognitive biases, institutional investors remain cautious. With their higher ra-
tionality and lower emotional levels, institutional investors demonstrate higher stock pricing efficiency (Lakonishok et al.,
1992; Boehmer and Kelley,2009).

In contrast, institutional investors possess stronger internal information acquisition capabilities and higher levels of pro-
fessionalization (Fung et al., 2024; Buss and Breugem, 2018). Their herding behaviour facilitates information exchange,
moderating radical emotions. Institutional investors can more accurately assess a company's intrinsic value by leveraging
their professional knowledge and informational advantages. When sentiment is high, they tend to make rational judgments,
avoiding extreme emotions from influencing decision-making. Additionally, institutional investors can engage in arbitrage
trading, correcting market mispricing. When sentiment is high, they actively participate in arbitrage, reducing market
irrational volatility and lowering A-share premiums.
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Furthermore, institutional investors have abundant resources and channels for acquiring and analyzing market information,
enabling them to identify market opportunities and risks accurately. This informational advantage allows institutional in-
vestors' sentiments to reflect market realities better. They adopt systematic investment strategies and are less influenced
by emotional fluctuations. In contrast, as noise traders (De Long et al., 1990; Ye and Tan,2021), individual investors exhibit
stronger irrational characteristics (Barber, 2001; Abideen et al., 2023). Under the influence of the "information cocoon"
(Sunstein, 2002; Wang and Chen, 2024) and the "ostrich effect" (KARLSSON N, 2009), individual investors are more
susceptible to biased information, displaying overconfidence, anchoring bias, and availability bias. Therefore, institutional
investors' sentiment has a more prominent impact on stock excess returns. Based on the above analysis, we believe that
there are often significant differences in sentiment between individual and institutional investors, which are transmitted to
the market, affecting stock price performance.

AIMS AND OBIJECTIVES

The purpose of this study is to empirically examine whether and how investor sentiment differences affect stock excess
returns. The ultimate goal is to provide references for investors' decision-making and offer suggestions for the healthy
development of China's capital market.

METHODS

Data and samples

In this paper, the constituent stocks of the CSI 300 index from January 1, 2015, to December 31, 2023, are used as
samples, and the frequency is daily data. The CSI 300 Index consists of the 300 largest and most liquid stocks selected
from China's Shanghai and Shenzhen stock markets, aiming to comprehensively reflect the overall performance of the
Shanghai and Shenzhen A-share markets with good representativeness. All data in this article are sourced from WIND and
CSMAR databases.

Variables

Following Kumar et al. (2006), we first calculate the relative optimism of individual and institutional investors using the
inflow and outflow of funds as follows:

BSI;; = (INFLOW,;, — OUTFLOW,,)/(INFLOW;, + OUTFLOW;,), (1)
where INFLOW; . and OUTFLOW; . represent the inflow and outflow of funds for stock i at time t by investors, respectively.

Following previous literature (Campbell et al. 2005), we classify individual and institutional traders based on order size.
The specific classification standard in the Wind Database is as follows: Retail investors are defined as those with order
amounts under RMB 40,000, while institutional investors are those with order amounts exceeding RMB 1 million. To meas-
ure the difference in sentiment between the two types of investors, we calculate the bullish sentiment indicators for
individual investors and institutional investors, denoted as BSI/Y” and BSI{}, respectively. The sentiment difference be-
tween the two is then calculated using the following formula:

BSIPFF = |BSIfYP — BSI{Y'|. )

The dependent variable is the stock's excess return (EXCRET), measured as the difference between the logarithmic return
of the stock considering cash dividends reinvested (RET) and the risk-free rate. Following Fama et al. (2015), we also
control for the market risk factor (MKT), size risk factor (SMB), book-to-market ratio risk factor (HML), profitability risk
factor (RMW), and investment level risk factor (CMA).

Table 1 presents the descriptive statistics for the main variables used in our analysis. It includes 555,904 observations for
the stock excess return (RET) and the excess return adjusted for risk-free rate (EXCRET), with means of 0.0009 and -
0.0034, respectively, indicating a slightly positive return for RE7 and a slightly negative return for EXCRET over the sample
period. The bullish sentiment indicators for individual investors (BSI’NP) and institutional investors (BSI{}') are based on
556,450 and 545,860 observations, respectively, with averages of 0.0444 and -0.0766, suggesting that individual investors
tend to be more optimistic than institutional investors. The difference in sentiment between the two types of investors
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(BSIPIFF), calculated using 545,852 observations, has an average value of 0.3654, indicating a significant divergence in
sentiment. Additionally, the table provides statistics for the market risk factor (MKT), size risk factor (SMB), book-to-market
ratio risk factor (HML), profitability risk factor (RMW), and investment level risk factor (CMA), each based on 656,700
observations. These risk factors have means close to zero, with standard deviations ranging from 0.0052 to 0.0131, re-
flecting their variability over the sample period.

Table 1. Descriptive Statistics of Main Variables.

Obs. Mean Std. Min 50% Max
RET 555,904 0.0009 0.0308 -0.2001 0.0000 3.5903
EXCRET 555,904 -0.0034 0.0308 -0.2046 -0.0041 3.5862
BSIND 556,450 0.0444 0.1726 -1.0000 0.0440 1.0000
BSI'N! 545,860 -0.0766 0.3440 -1.0000 -0.0678 1.0000
BSIPIFF 545,852 0.3654 0.2874 0.0000 0.2995 2.0000
MKT 656,700 0.0002 0.0131 -0.0925 0.0005 0.0650
SMB 656,700 0.0002 0.0094 -0.0802 0.0008 0.0545
HML 656,700 -0.0001 0.0078 -0.0380 -0.0005 0.0537
RMW 656,700 0.0001 0.0064 -0.0366 -0.0001 0.0616
CMA 656,700 -0.0001 0.0052 -0.0385 -0.0001 0.0222

Model specification

We employ the following baseline regression model to examine the impact of investor sentiment differences on stock price
performance:

EXCRET;; = ay + a1 BSIZ™F + ayMKT; s + a;SMB;¢ + ayHMLi¢ + ayRMW, ¢ + ayCMA; ¢ + ve + 1 + €5, 3)

where EXCRET;, Is the excess return of stock i at time t; a, is the intercept term; a, is the coefficient for the difference
in investor sentiment (BSIZ/™F ); a, to a, are the coefficients for the market risk factor (MKT;, ), size risk factor (SMB;.),
book-to-market ratio risk factor (HML; . ), profitability risk factor (RMW,, ), and investment level risk factor (CMA;.), re-
spectively; y, is the time-specific effect; 1i; is the stock-specific effect; «; . is the error term.

RESULTS

Benchmark results

Table 2 presents the correlation coefficient matrix for the key variables in our analysis. It shows the relationships between
the excess return adjusted for specific factors (EXCRET), various investor sentiment indicators, and market and risk factors.
Notably, EXCRET has a negative correlation with the bullish sentiment indicator for individual investors (BSI'NP) and a
positive correlation with the bullish sentiment indicator for institutional investors (BSI'™™"). The difference in sentiment
between individual and institutional investors (BSIP'FF) shows a negative correlation with EXCRET.

Table 2. Correlation Coefficient Matrix.

EXCRET BSI'ND BSI'™N! BSIPIFF MKT SMB HML RMW CMA

EXCRET 1.000
BSI'™ND -0.448 1.000
BSI'™! 0.338 -0.447 1.000
BSIPIFF -0.121 0.150 -0.305 1.000

MKT 0.446 -0.205 0.163 -0.091 1.000

SMB 0.101 -0.015 0.009 -0.026 0.040 1.000

HML -0.187 0.057 -0.057 0.035 -0.144 -0.510 1.000

RMW -0.100 0.020 -0.009 0.024 -0.120 -0.723 0.314 1.000

CMA -0.035 0.038 -0.040 0.003 -0.043 0.426 0.168 -0.616 1.000

DOI: 10.55643/fcaptp.2.61.2025.4632 245


https://fkd.net.ua/
https://www.fta.org.ua/

®IHAHCOBO-KPEAUTHA AIAMbHICTb: MPOBSIEMW TEOPIE TA MPAKTUKM
Tom 2 (61), 2025

Table 3 presents the benchmark regression results examining the impact of investor sentiment differences (measured by
BSIPIFF) on excess stock returns (EXCRET). The results are reported across five different model specifications. In all five
columns, the coefficient for BSIP'FF is consistently negative and statistically significant at the 1% level. This suggests that
a greater divergence in sentiment between individual and institutional investors is associated with lower excess returns.
The magnitude of the effect, although small, is robust across different model specifications.

Table 3. Benchmark Regression Results. Note: ***, ** and * represent the 1%, 5%, and 10% significance levels, respectively, and the t-values are
included in parentheses.

1) (2) 3) (4) (5)
BSIPIFF -0.014%** -0.014%** -0.009*** -0.009*** -0.009%**
(-13.101) (-13.154) (-9.808) (-10.960) (-10.904)
MKT 1.080*** 1,042%** 1.041%**
(31.043) (31.156) (32.934)
SMB 0.144** 0.122**
(2.402) (2.059)
HML -0.423%** -0.431%%*
(-3.120) (-3.297)
RMW -0.032
(-0.451)
CMA 0.014
(0.165)
Constant 0.002*** 0.002%** -0.0003 -0.001%** -0.001%**
(3.898) (3.037) (-0.518) (-3.669) (-3.754)
Year fixed effect No Yes Yes Yes Yes
Sector fixed effect No Yes Yes Yes Yes
N 545,353 545,353 545,353 545,353 545,353
Adj. R2 0.0147 0.0169 0.208 0.224 0.224

Column (2) of Table 3 adds fixed effects, i.e., fixing year and industry, and the regression coefficient is -0.014 and signif-
icant at the 1% level, consistent with the conclusions in Column (1). This indicates that the conclusion remains robust
after considering year and industry, and in the later regressions, year and industry are fixed anyway. Columns (3)-Column
(5) regression coefficients remain negatively significant after the factors of Market Risk (MKT), Size (SMB), Book-to-Market
Ratio (HML), Profitability (RMW), and Level of Investment (CMA) are included as control variables in the model, respec-
tively. This remains consistent with the previous findings and proves the significance and robustness of the relationship.
With the inclusion of more control variables, the adjusted R-squared value increases significantly, indicating that the model
better explains the variability of excess returns.

The regression coefficients in columns (1)-(5) are consistently negative, which suggests that the difference in sentiment
between retail and institutional investors plays an important role in the performance of excess stock returns. The possible
explanation for this is that the differences in the sentiment of each type of investor amplify market uncertainty and vola-
tility, which in turn is transmitted to the volatility of stock prices, leading to lower stock excess returns. Overall, this finding
emphasizes the importance of paying attention to investor sentiment differences as an influential factor in the concern for
excess stock returns, which plays an important role in protecting the interests of investors and caring for the health of the
stock market.

Endogeneity issues

Table 4 reports the results of endogeneity tests conducted to assess the potential for reverse causality or omitted variables.
In column (1), the lagged value of BSIP™FF (L.BSIP'FF) is included as an explanatory variable to capture the potential
impact of past sentiment differences on current excess returns. The coefficient is positive and statistically significant at the
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1% level. Column (2) includes the one-period ahead of BSIP!FF (F.BSIPFF) to test for the possibility of reverse causality,
the coefficient on F. BSIP'FF is also positive and statistically significant at the 1% level.

Furthermore, we employed the two-stage least squares (2S5LS) method, using the lagged value of BSIP'FF as an instru-
mental variable, to address the endogeneity issue caused by omitted variables. Columns (3) and (4) present the regression
results for the first and second stages, respectively. We found that the regression coefficient of L. BSIP'FF on EXCRET is
0.198 and statistically significant at the 1% level in the first stage. In the second stage, the regression coefficient of
BSIPIFF on EXCRET remains significant at the 1% level, with a value of -0.010, which is consistent with the results in Table
3.

Table 4. Results of Endogeneity Tests. Note: ***, ** and * represent the 1%, 5%, and 10% significance levels, respectively, and the t-values are
included in parentheses.

1) (2) 3) “4)
EXCRET EXCRET BSIPIFF EXCRET
L. BSIPIFF 0.002*** 0.198%**
(7.013) (18.033)
F. BSIPIFF -0.002%*x*
(-4.198)
BSIPIFF -0.010%**
(-4.285)
IMR 0.440
(0.074)
MKT 1.059%** 1.057*** -1,966%** 1.042%**
(31.176) (33.298) (-15.677) (16.752)
SMB 0.095* 0.137** -0.144 0.092
(1.731) (2.140) (-0.844) (0.747)
HML -0.438*** -0.435%** 0.579%* -0.431%%*
(-3.250) (-3.260) (2.316) (-3.482)
RMW -0.049 -0.026 0.039 -0.046
(-0.667) (-0.348) (0.212) (-0.246)
CMA 0.033 -0.013 0.213 0.034
(0.386) (-0.147) (0.766)
Constant -0.006*** -0.004*** 0.272%** -0.001
(-23.933) (-15.486) (39.498) (-0.129)
Year fixed effect Yes Yes Yes Yes
Sector fixed effect Yes Yes Yes Yes
N 430,040 429,932 425,749 425,413
Adj. R2 0.260 0.210 0.083 0.059

Robustness checks
In this part, the paper will conduct some robustness tests to further corroborate the robustness of the main findings.

Table 5 reports the results of the robustness tests. Columns (1) and (2) show the regression results of 100 and 200 stocks
randomly selected from the CSI 300 index, respectively. By randomly selecting the sample stocks, although the total
sample size is reduced from the previous one, the regression coefficients are -0.010 and both are significant at the 1%
level, respectively, which is consistent with the previous findings, suggesting that the difference in investor sentiment
negatively affects the stock excess returns and remains robust to different samples of stocks.
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Table 5. Results of Robustness Tests. Note: ***, ** and * represent the 1%, 5%, and 10% significance levels, respectively, and the t-values are
included in parentheses.

1) (2) (3) 4)
BSIPIFF -0.010%** -0.010%** -0.009*** -0.009***
(-7.028) (-9.830) (-10.552) (-10.828)
MKT 1.030%** 1.049*** 1.041%** 1.041%%*
(26.375) (30.347) (29.701) (32.626)
SMB 0.144* 0.148** 0.095** 0.121**
(1.651) (2.467) (1.967) (2.056)
HML -0.399** -0.452*** -0.392%** -0.427%**
(-2.154) (-3.264) (-3.031) (-3.253)
RMW -0.037 -0.035 -0.040 -0.031
(-0.467) (-0.472) (-0.549) (-0.434)
CMA -0.008 0.028 -0.017 0.010
(-0.073) (0.287) (-0.218) (0.119)
LnSIZ -0.001%**
(-6.482)
LEV 0.0002
(0.486)
MB 0.0003
(0.632)
Constant -0.002*** -0.001*** 0.001 0.016***
(-2.994) (-3.367) (1.354) (6.163)
Year fixed effect Yes Yes Yes Yes
Sector fixed effect Yes Yes Yes Yes
N 183,680 368,337 430,957 542,945
Adj. R2 0.248 0.225 0.191 0.224

2015 and 2020 are two unusual years for the Chinese stock market. Both the stock price crash in 2015 and the new crown
epidemic outbreak in 2020 will have an impact on the excess return of stocks. So, referring to the existing studies, this
paper excludes 2015 and 2020 and regresses them again, and the regression results are shown in Column (3). As can be
seen from the results of column (3), the regression coefficient is -0.009 and significant at the 1% level, which indicates
that the results remain unchanged after excluding abnormal years. That is, investor sentiment differences still have a
negative impact on stock excess returns and the conclusion is robust.

In addition, firm-level control variables such as firm size, book-to-market ratio and financial leverage also affect the per-
formance of individual stocks and investors' access to information thereby affecting stock excess returns. So, it is also
necessary to consider the impact of these control variables on the results. Therefore, this paper adds these control variables
to the regression model and regresses them again and the results are given in column (4). The results reported in column
(4) show that after adding the control variables firm size (LnSIZ), leverage (LEV) and market capitalization-to-book ratio
(MB), the regression coefficient is -0.009 and significant at 1% level, with no change in significance or direction, which
further indicates the robustness of the findings and that the difference in investor sentiments negatively affects the excess
stock returns.

Mechanism exploration

In this section, we further analyze the mechanism of investor sentiment differences in influencing stock price performance
in terms of the sentiment of the two types of investors and the information environment of listed companies.

Table 6 shows the results of the mechanism test, where we first examine the impact of the two types of investor sentiment
on their sentiment differences and stock price performance, as shown in columns (1) and (2). In column (1), the regression
coefficient of individual investor sentiment is 0.058, but it is insignificant. The regression coefficient of institutional investor
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sentiment is -0.227. It is significant at the 1% level, i.e., the higher the institutional investor sentiment, the smaller the
difference in sentiment between the two types of investors. In column (2), the regression coefficient of individual investor
sentiment is -0.058 and significant at a 1% level, i.e., the higher the sentiment of individual investors, the worse the stock
price performance. The regression coefficient of institutional investors' sentiment is 0.012 and significant at a 1% level,
i.e., the higher the sentiment of institutional investors, the better the stock price performance. These results indicate that
the two types of investor sentiment have significantly different impacts on stock price performance and that market per-
formance rises only when institutional bullishness is present. In addition, institutional investor sentiment has a more sig-
nificant positive effect on sentiment differences than individual investors. These show that the negative impact of sentiment
differences on stock price performance is primarily dominated by institutional investors.

Table 6. Results of Mechanism Tests. Note: *** ** and * represent the 1%, 5%, and 10% significance levels, respectively, and the t-values are
included in parentheses.

1) 2) 3) (4) (5) (6)
BSIPIFF EXCRET EXCRET EXCRET BSI'V!
BSIPIFF -0.004** -0.001* -0.007***
(-2.540) (-1.908) (-7.488)
BSIND 0.058 -0.058*** -0.073%** -0.930***
(1.581) (-9.082) (-9.990) (-17.803)
BSI'N! -0.227%** 0.012%** 0.036%**
(-18.946) (8.544) (17.220)
BSIPIFF x BS[IND 0.008
(1.065)
BSIPIFF x BSIINI -0.016%**
(-9.037)
OPA 0.001**
(2.212)
BSIPIFF x OPA -0.004***
(-4.431)
MKT -0.852%** 0.847%** 0.862*** 0.947*** 1.751%** 1.041%**
(-11.250) (36.433) (37.193) (33.979) (11.615) (32.942)
SMB -0.221%* 0.119%%* 0.118%** 0.127** -0.013 0.122**
(-2.029) (2.718) (2.663) (2.394) (-0.101) (2.063)
HML 0.331%** -0.401%** -0.409%** -0.404*** -0.874%** -0.431%%*
(3.108) (-4.209) (-4.205) (-3.575) (-3.291) (-3.299)
RMW -0.106 -0.022 -0.021 -0.034 0.136 -0.033
(-0.796) (-0.411) (-0.396) (-0.526) (0.951) (-0.465)
CMA -0.351 0.096 0.087 0.056 -0.662*** 0.015
(-1.607) (1.399) (1.239) (0.714) (-4.017) (0.169)
Constant 0.350*** -0.001%** -0.0001 -0.003*** -0.028%** -0.002%**
(45.284) (-6.058) (-0.210) (-9.697) (-8.002) (-4.027)
Year fixed effect Yes Yes Yes Yes Yes Yes
Sector fixed effect Yes Yes Yes Yes Yes Yes
N 545,852 545,353 545,353 545,353 545,852 545,353
Adj. R2 0.132 0.366 0.353 0.292 0.209 0.225
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To further test the above conjecture, we add the interaction terms of the two types of investor sentiment indicators with
the sentiment difference indicator to the benchmark regression model separately, see Column (3) and Column (4). In
column (3), the coefficient of the interaction term between individual investor sentiment and sentiment variance is 0.008,
but it is not significant, which indicates that individual investor sentiment does not play a proper moderating role in the
process of sentiment variance affecting stock price performance. In column (4), the interaction term coefficient between
institutional investors’ sentiment and sentiment difference is -0.016, which is significant at the 1% level, indicating that
high institutional investors’ sentiment exacerbates the negative impact of sentiment difference on stock price performance.
Individual investors, often characterized by less professional knowledge and more irrational behaviour, may not substan-
tially or consistently impact market dynamics when sentiment varies. Their decisions might be more scattered and less
predictable, thus failing to consistently mitigate or exacerbate the effects of sentiment variance on stock prices. When
institutional sentiment is high, it may lead to overvaluation or undervaluation of stocks, exacerbating the discrepancies
caused by sentiment differences and affecting stock prices more severely.

Finally, we analyze the mechanism by which sentiment differences affect stock price performance from the perspective of
information transparency of listed companies. We use the information environment rating of listed companies as a measure
of information transparency of listed companies; the higher the rating, the higher the information transparency, which is
obtained from the CSMAR database. Column (5) shows the regression results after adding the interaction term between
the information transparency variable and the sentiment difference. Interestingly, the regression coefficient is -0.004 and
is significant at the 1% level, i.e., the higher the information transparency, the higher the negative impact of the sentiment
difference on stock price performance.

Regarding the conclusion that investor sentiment differences have a greater negative impact on stock excess returns with
higher information transparency, the possible explanations are:

1. Thereis a lot of company-level information in the market, and more information is available to both institutional and
retail investors. Retail investors, who mostly lack professional training and have relatively weak knowledge reserves,
may disagree when faced with a large amount of information, i.e., speculate on the future trend of a stock from
different perspectives, and thus make different investment decisions. This leads to investor sentiment differences will
be affected by the negative impact of information transparency and increase, the result of greater differences is a
reduction in excess stock returns.

2. The more transparent the information, any differences or inconsistencies in the company's performance are more
likely to be exposed, when the sentiment differences appear, the market all kinds of subjects will be more strongly
reacted to this. Investors become more sensitive to such discrepancies and adjust their expectations and investment
decisions accordingly, thus exacerbating the impact of sentiment discrepancies on excess stock returns.

Heterogeneity analysis

Due to differences in company size, ownership structure, and analyst coverage, firms may exhibit distinct performance
and behaviour in the market. Therefore, in this section of heterogeneity testing, we categorize our selected samples based
on market capitalization (large vs. small), ownership type (state-owned vs. non-state-owned), and analyst coverage (low
vs. high) to conduct grouped regressions. This approach allows us to investigate how investor sentiment differences impact
stock excess returns across different sample groups.

Table 7 shows the results of the heterogeneity analysis, with columns (1) and (2) showing the regression results for the
subgroups of large-scale firms and small-scale firms, respectively. BSIP'FF has coefficients of -0.008 and -0.009, respec-
tively, and both are significant at the 1% level, with the absolute value of the latter being slightly larger than that of the
former, suggesting that the negative impact of sentiment differences on share price performance is more pronounced
among small-scale firms. Small-scale firms are typically less diversified and may have a higher concentration of risk, making
them more sensitive to changes in investor sentiment. In contrast, large-scale firms often have more diversified revenue
streams and a stronger financial position, which can help them weather negative sentiment more effectively.
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Table 7. Results of Heterogeneity Tests. Note: ***, ** and * represent the 1%, 5%, and 10% significance levels, respectively, and the t-values are

included in parentheses.

1) 2) 3) (4) (5) (6)
Large size Small size State-owned Non-state-owned | 9N aerlggzt cov- | Low anzl;zt cover
BSIPIFE -0.008*** -0.009*** -0.010%** -0.008*** -0.011%** -0.008***
(-6.669) (-11.303) (-7.960) (-8.949) (-11.287) (-8.138)
MKT 1.077%** 1.013%** 1.056*** 1.029%** 1,038*** 1.034***
(18.770) (40.431) (33.178) (21.777) (39.359) (27.344)
SMB -0.071* 0.290%** 0.031 0.188** 0.060 0.182%**
(-1.891) (5.290) (0.586) (2.356) (0.908) (2.900)
HML 0.069 -0.854*** -0.313** -0.508** -0.527*** -0.276**
(0.503) (-19.724) (-2.484) (-2.521) (-3.851) (-2.133)
RMW -0.095 0.071 -0.066 -0.017 0.133* -0.184**
(-0.994) (0.902) (-0.662) (-0.196) (1.957) (-2.488)
CMA 0.044 -0.034 0.337%** -0.211%%* -0.246*** 0.209*
(0.291) (-0.476) (2.865) (-3.235) (-3.463) (1.866)
Constant -0.008*** -0.0004 0.002** -0.001* -0.001%** -0.001
(-6.669) (-0.776) (2.387) (-1.899) (-3.204) (-1.483)
Year fixed effect Yes Yes Yes Yes Yes Yes
Sector fixed effect Yes Yes Yes Yes Yes Yes
N 252,540 292,813 224,564 320,789 254,909 290,444
Adj. R2 0.299 0.221 0.282 0.201 0.232 0.230

Columns (3) and (4) show the regression results for subgroups of state-owned and non-state-owned firms, respectively.
The coefficients of BSIP'FF are -0.010 and -0.009, respectively, and both are significant at the 1% level, and the absolute
value of the former is slightly larger than that of the latter, suggesting that the negative impact of sentiment differences
on stock performance is pronounced in state-owned enterprises.

Possible explanations for this are: firstly, due to the uniqueness of their nature, state-owned enterprises are often subject
to greater government intervention in their operation and operation, and their performance in the market is more closely
watched by investors. Once investor sentiment is inconsistent with market expectations, their share prices will fluctuate
more, thus affecting the return on investor investment; second, compared with non-state-owned enterprises, state-owned
enterprises are involved in major national strategic undertakings, much of the information is not publicly available, so that
investors have access to more limited information. The limited information will allow investors, especially retail investors,
to be influenced by noise and other terms in the field of behavioural finance, thus making wrong investment decisions
affecting the stock returns of such companies; finally, the market's perception of the risks associated with state-owned
enterprises is also different from that of non-state-owned enterprises. SOEs are perceived by the market and investors as
bearing higher political and regulatory risks, which can make investors more sensitive to negative sentiment and thus
result in fewer excess returns being earned.

Columns (5) and (6) show the regression results for the subgroups with high and low analyst coverage, respectively. The
coefficients of BSIP'FF are -0.010 and -0.008, respectively, and both are significant at the 1% level, with the absolute
value of the former being slightly larger than that of the latter, suggesting that the negative impact of sentiment differences
on stock price performance is more pronounced among firms with high analyst coverage.

Analyst attention is always an important factor in a company's share price performance and stock returns. Compared to
companies with low analyst attention, companies with high analyst attention receive more attention from investors because
they deliver more information to the market. If the performance of such companies is different from investors' expectations,
then the impact of investor sentiment will lead to abnormal fluctuations in the company's share price, which will result in
fewer related excess stock returns; in addition, companies with a high analyst focus have a broader investor base, which
will further amplify the impact of the difference in investor sentiment on the excess stock returns of various types of
investors.
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CONCLUSIONS AND DISCUSSION

This paper empirically examines the impact of sentiment differences between retail investors and institutional investors on
stock excess returns using daily data of the CSI 300 index from 2015-2023 as a sample. The benchmark regression results
show that investor sentiment differences have a negative and significant impact on stock excess returns, i.e., greater
sentiment differences among various types of investors correspond to lower stock excess returns. This finding holds after
employing a series of robustness tests such as selecting a different sample, excluding outlier years and including firm-level
control variables. Endogeneity tests similarly corroborate the negative impact of investor sentiment differences on stock
excess returns. The mechanism analysis shows that institutional investor sentiment plays a dominant role in influencing
stock excess returns and that the negative impact of sentiment differences on stock excess returns is greater in an envi-
ronment of greater information transparency. Finally, the heterogeneity analysis shows that the negative impact of senti-
ment differences is more significant among small firms, state-owned firms, and firms with higher analyst coverage, and
provides an explanation for this.

Unlike prior relevant literature, which typically examines retail and institutional investor sentiment in isolation (e.g., Baker
& Wurgler, 2006; Fung et al., 2024), this paper focuses on the differences between retail and institutional investor senti-
ment. By doing so, it provides a more nuanced understanding of how conflicting sentiments between these two groups
influence stock excess returns. This approach offers deeper insights into the dynamics of investor behaviour and its impact
on market outcomes. Additionally, the mechanism analysis reveals that the predictive power of sentiment differences is
stronger in environments with higher information transparency, a finding that contrasts with earlier studies suggesting
that sentiment-related factors primarily affect markets in opaque information settings (e.g., Seok, Cho & Ryu, 2006). This
mechanism test also clarifies the role of information transparency, which provides a basis for companies and investors to
explore ways to improve stock returns in the future Furthermore, the heterogeneity analysis reveals stronger effects of
sentiment differences in state-owned enterprises and firms with high analyst coverage. This finding contrasts with prior
literature, which suggests that sentiment primarily affects stocks that are more difficult to value (e.g., Baker & Wurgler,
2006). The contrasting results provide new insights into the conditional nature of sentiment-driven market behaviour.
These contributions advance the existing literature by offering a more comprehensive framework for understanding the
interplay between investor sentiment and stock market dynamics. Finally, this paper emphasizes the relationship between
investor sentiment differences and stock excess returns based on a Chinese sample, which provides experience for do-
mestic and foreign investors when investing in the Chinese stock market.
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Jly b.

PO3BI)XKHOCTI B HACTPOAX IHBECTOPIB I MOKA3HNUKN ®OHAOBOIO PUHKY: [1IOKA3U 3
KUTAIO

Y UbOMYy AOCHIAKEHHI AN NPOBEAEHHS OLHIOBAHHSI BUKOPUCTaHO 6a30BuUiA NokasHuk — iHaekc CSI 300, 3a AOMOMOro
SIKOr0 eMNIPUYHO BMBYEHO BM/IMB Pi3HMLI B HACTPOSIX PO3APiOHMX iIHBECTOPIB Ta IHCTUTYLINHMX iIHBECTOPIB Ha HaAJ/IULLKOBY
NpuBYTKOBICTb aKLili Ha OCHOBI iHAWKaTopa AncbanaHcy Kynieni Ta npoaaxy (BSI). Pe3ynbTaT eTanioHHOI perpecii noka-
3yI0Tb, WO BiAMIHHOCTI B HAaCTPOSIX iIHBECTOPIB Mak0Tb CTAaTUCTUYHO 3HAYYLLMI HEraTUBHUIA BMIMB Ha HAAJIMLLKOBY Npuby-
TKOBICTb aKUiiAi. AKTyanbHICTb LIMX BUCHOBKIB MiATBEPIKEHA BUKOPUCTAHHSAM Cepii TECTIB Ha HagiMHICTb, Takux sik BUBIp
iHLWMX 3pa3KiB, pi3Hi YacoBi MPOMIKKM, BK/HOYEHHSI KOHTPOSIbHUX 3MiHHMX Ha piBHI dipMu. MpoBeaeHW y AOCiAXKEHHI
aHani3 cBiguMTbL NPO Te, WO HAacTPOi IHCTUTYUIMHUX iHBECTOPIB BifirpaloTb AOMiHYIOYY POSib Y BMAMBI Ha HaAIULLKOBY
NpUBYTKOBICTb @KLl i WO HEraTUBHWI BMIMB Pi3HWLI B HACTPOSIX Ha HAZ/IMLLIKOBY NPUBYTKOBICTL akuili € 6inblnM y ce-
pefoBuLLax i3 6iNbLLOO iHchopMaLiMHOK Npo3opicTio. KpiM TOro, aHasi3 reTeporeHHOCTi NOKa3syeE, WO HEraTUBHUI BMNUB
BiAMIHHOCTeW y HacTposix € 6inbll 3HAUYHWUM y HeBenukux dipMax, AepXaBHUX KOMMaHisx i dipMax i3 BUCOKMM piBHEM
3a/ly4eHHs aHaniTukiB. Lli BUCHOBKM MaloTb | TEOPETUYHY, i MPAaKTUYHY LIHHICTb | € OCHOBOKO AS19 pekoMeHAauil ans iHBe-
CTOpIB i MONITWKIB LWOAO TOrO, 5K BiAMIHHOCTI B HACTPOSIX YM/IMBAlOTb Ha HAA/IULLKOBY MPUOYTKOBICTb akLil.

KnouoBi cnoBa: HacTpoi iHBeCTOpiB, AvBepreHuis HacTpois, AucbanaHCc MK Kynisnewo Ta npopaxem (BSI),
iHbopMaLiHe cepenoBuLLe, AMHAMIKA LiH Ha aKuii, HAANMULLOK NPUBYTKOBOCTI aKLii

JEL Knacudikaudis: G12, G14
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